De-noising of Fluorescence Microscopy Images using ML Methods

e Image segmentation using clustering.
e Regional de-noising using image-specialist ML methods.

Dataset: A Poisson-Gaussian Denoising Dataset with Real Fluorescence Microscopy

Images
Work Division:

e Venkatesh: Literature review on traditional image de-noising techniques, Data
Pre-processing & Analysis of Algorithms

e Prayag: Literature review on ML based image segmentation and de-noising, Data
Pre-Processing & Implementation of Algorithms

e Both: Reports, Implementation & Analysis of Algorithms

Algorithms to be Implemented: vanilla ANNs, CNNs (surprise), Random Forests,
k-Means, DBSCAN, HDBSCAN


https://arxiv.org/abs/1812.10366
https://arxiv.org/abs/1812.10366

Midway Targets: Expected Results:

Image segmentation using k-Means, DBSCAN & HDBSCAN will outperform DBSCAN &
HDBSCAN, Implementation of ANN model for

image de-noising, Comparison of ANN model
with benchmarked CNN models. ANN models won’t be able to out-

k-Means for image segmentation.

perform benchmarked CNN models.
(meh)
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