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Using supervised learning to predict band gap energy of materials using their properties and inexpensive DFT calculations.
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Figure credits - Band gap. (2022, November 11). In Wikipedia. https://en.wikipedia.org/wiki/Band gap
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Work division upto mid-term presentation.

#TODO To be done by...
Literature Review Both
Slides and Reports Sajag
Data Analysis & Visualisation Sagar
Implementation of ML Algorithms Both
Midway Targets

1. Come up with a consistent set of features/classification scheme for different types of materials.
2. Implement classic machine learning algorithms to achieve the current state-of-the-art results.
3. Perform ensemble learning to improve upon the hitherto achieved results.

Expected Results

1. Performance of ML algorithms: as good as in case of specific types of materials.
2. Ensemble learning: better results than the individual algorithmes.



